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Machine Learning

MAl 2{d EA12|E2 sta AL & A H[0[E S &=sk= JEfof| wat IA| M| 7iX|2 LiEICE

@ &=(supervised) et5 : Y=t 0|0 CHE3t= 0|2 27l EH(QIZE MZ7171 HlS)= o
(mapping)ste &F+E &5t
@ H|Z=(unsupervised) 85 : 3 §l0| Y2 DHS L5104 S5ICL UM o= H|0f
E{oro|'de| CHE=2| 7|®0] 0]

® &2H(reinforcement) &5 : Sh5AVt AESS MEISH0] S22 2HF0| Hek= 0|1, 0o chgt
meo=z HAX|E ¥ sts gne[Ee| 710|E2 AZStTt

DAl 2ol 7| 2 REISEE= E2| X HEE 0|5 RE 2 AFESH= QA EF LR

(Decision Tree), =2 414 HERIT X8t 7|55 Z¥sH= 215 MET(Neural Network), 4
2o| x5} 2tE|=0|| 7|Htst QEIX} ME_IEH“'(Genetlc Programming), =% 0|2 Z2Z0|2t=
SR 2 ZHlish= Z&3HClustering), A ?lZE FEE 2 Sl efils &R 7ltst=

2H|FIEZ B8 (Monter Carlo method) 50| QICt.
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@ Z=(supervised) &5 : YEIQl0f| CiEsh= O[2] LTl EH(QIZF ME7H7t H[Z)S ofE

(mapping)ste &F+E &5t

Q@ H|Z=(unsupervised) et5 : £5 §l0| HEL=E HES =501 ergelth LREHCZ |0
Efoto|del tiR =2l 7|®0] O]

® &skreinforcement) &5 : & 5

mEdo 2 HMRX|E ¥ &g Yn2|F2| 7I0|=E2 AFESICY,

&l 2ol 7|8 U HRISZ2= EE| 11X HEHE 0| D2 Z AtEot= 2[AnEdE LIR

(Decision Tree), =2 414 HERII Xt 7|55 Z¥sH= 215 M (Newral Network),
20| X5t L nE|Z0|| 7|8tst SE KL &E"EH“'(Genetlc Programming), 2&E & -E’élolﬂf"
HEZXso= Fillst= 28 SKClustering), F&?IZ2 FE=E HLE Sofl &pdt2 ES Albst=

2H|FIEZ B8 (Monter Carlo method) 50| QICt.
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Core ML

Domain Specific
Frameworks

ML Framework

ML Performance
Primitives




Core ML

Fine tuned inference engines
Performant .
Built on Accelerate and Metal
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Sentiment Analysis Handwriting Recognition
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Translation Scene Classification Style Transfer
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Music Tagging Predicting Text
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Sentiment Analysis Handwriting Recognition

Translation Scene Classification Style Transfer

Music Tagging Predicting Text




Core ML

Sentiment Analysis Handwriting Recognition
Translation Scene Classification Style Transfer
Music Tagging Predicting Text

MLMODEL




Core ML

Unified inference API

Xcode integration




Convert to Core ML

Cafte

dmic
XGBoost

turl yx

4 Keras

@ ih —

Core ML Tools

& python’

MLMODEL
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Public model format
Compatible
Support for popular training libraries
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guard let model = try? VNCoreMLModel(for: 2=
().model) else {

fatalError("2E2 S Z=2{SLICH)




let request = VNCoreMLRequest(model: model) { [weak self] request, error in
guard let results = request.results as? [VNClassificationObservation], let topResult = results.first else {

fatalError(" 222 235t5")

DispatchQueue.main.async {

self?.label.text = "\(Int(topResult.confidence * 100))% \(topResult.identifier)"




let handler = VNImageRequestHandler(cilmage: image)
DispatchQueue.global(gos: .userlnteractive).async {
do {
try handler.perform([request])
} catch {

print(error)
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User Privacy Data Cost Server Cost Always Available




Reduce size
Improve accuracy

Decrease prediction times

MLMODEL




